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Abstract

Life care planners assess individuals with chronic health issues or disabil-
ities to identify the requirements secondary to their condition. This paper
offers a comprehensive review focused on the potential utilization of Artifi-
cial Intelligence (AI) in life care planning. The main findings suggest that
Al has the potential to significantly contribute to various aspects of life care
planning, including assessment coordination, long-term care strategy formu-
lation, and resource optimization. The findings also indicate that Al could
substantially improve the efficiency and effectiveness of life care planning
processes, though these potential benefits also carry ethical considerations
and challenges. The paper calls for interdisciplinary collaboration among re-
searchers, practitioners, and policymakers to further explore the potential of
Al in enhancing life care planning.

Introduction

Life care planning is a multifaceted, interdisciplinary field designed to assess and co-
ordinate long-term care for individuals with physical, mental, and cognitive conditions. Life
care planning requires a comprehensive understanding of an individual’s health history, cur-
rent health status, future medical needs, functional limitations, and the complex interplay of
social, emotional, and vocational aspects of life. The process of developing a Life Care Plan
(LCP) involves collaboration among medical practitioners, rehabilitation specialists, coun-
selors, and caregivers to create a personalized, holistic care plan. The life care planning
process includes utilizing a treatment provider or retained expert’s future care recommenda-
tions to create a Plan aligned with the treatment and prevention goals, to identify potential
complications, and to estimate future care costs. Historically, life care planning emerged in

Author Note: Declaration of Generative Al and Al-Assisted Technologies in the Writing Process During the
preparation of this work the authors used ChatGPT and ScholarAl plugin to develop an initial manuscript outline
and create a suggested bibliography of sources. The authors then reviewed and revised the content as needed, in
addition to verifying the appropriateness of the suggested citations. The authors take full responsibility for the
content of the publication.



26 Journal of Life Care Planning Vol. 22, No. 1

response to the need for a coordinated care model for those dealing with serious injuries or
chronic disabilities (Rutherford-Owen et al., 2023). The focus has, and continues to be, on
patient-centered care, aiming to enhance independence, improve quality of life, and address
the complete spectrum of medical, psychosocial, and vocational needs.

The 4th Edition of the Standards of Practice for Life Care Planners (International
Academy of Life Care Planners, 2022) clearly stipulates the goals of a Life Care Plan:

1. To assist the evaluee in achieving optimal outcomes by developing an appropriate plan
of rehabilitation, habilitation, prevention, and reduction of complications. This in-
cludes recommendations that contribute to the evaluee’s health, wellness, and quality
of life;

2. To provide health education to the evaluee and relevant parties, when appropriate;
3. To specify services needed by the evaluee and the associated costs;

4. To evaluate alternatives for care that take into consideration appropriate and least
restrictive options for the evaluee;

5. To communicate the objectives of the life care plan to the evaluee and relevant parties
as appropriate.

The actual process of creating and implementing an LCP, however, has historically
been compromised by the difficulty inherent in predicting an individual’s lifelong medical,
therapeutic, social, and personal needs. To overcome this, life care planning has evolved,
slowly but surely, to incorporate technological advancements, empirical research, and inno-
vative care methodologies. The inclusion of various healthcare professionals, legal experts,
and financial strategists has expanded the scope and effectiveness of life care planning. Yet,
the fundamental approach of life care planning remains: to develop a practical and sustain-
able strategy that ensures optimal care and support for those navigating complex health
challenges.

In recent years, Artificial Intelligence (AI) has emerged as a force in healthcare, offer-
ing innovative solutions to complex problems (Rathore & Rathore, 2023). Ranging from diag-
nostics to personalized treatments, Al’s applications are broad and growing (Kim, 2022). The
integration of Al technologies, such as machine learning (ML),! natural language process-
ing (NLP),2 has the potential to revolutionize patient care, increase efficiency, and improve
outcomes.

This paper explores the intersection of Al and life care planning, as Al offers op-
portunities for innovation but also raises significant challenges and ethical considerations
that require discussion and consensus prior to moving forward. The subsequent sections of
this article will delve into these aspects, providing a comprehensive overview of the current
landscape of Al and the potential benefits and risks of Al in life care planning.

IMachine learning (ML) is a field of study in artificial intelligence concerned with the development and study
of statistical algorithms that can effectively generalize and thus perform tasks without explicit instructions.

2Natural language processing (NLP) refers to the branch of computer science—and more specifically, the
branch of artificial intelligence or AI—concerned with giving computers the ability to understand text and spoken
words in much the same way human beings can.
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Examples of Artificial Intelligence (AI) in Healthcare and Rehabilitation

The integration of Al into healthcare and rehabilitation marks a significant advance-
ment in our understanding of health and disease. Al’s ability to handle vast amounts of data,
derive insights, and forecast outcomes aligns well with the individualized and data-intensive
nature of life care planning (Kumar et al., 2023). Techniques such as data analytics,? Al-
based assistants,* and intelligent automation® are now available and can be utilized to en-
hance various aspects of the life care planning process. For example, an Al-based assistant
could be tasked with reviewing and summarizing medical records efficiently and accurately,
after which data analytics could highlight the treatments that have been beneficial in the
past to provide foundation for inclusion of those treatments in a Life Care Plan.

In healthcare, Al’s potential is evident in diverse applications including diagnostics,
personalized treatment planning, and predictive modeling. Al-driven tools are being used to
analyze medical records, imaging data, genetic information, and other complex datasets to
identify patterns, make precise diagnoses, and recommend customized treatment plans (Yang
et al., 2021). These capabilities are also applied to rehabilitation, where Al can help refine
therapy strategies, monitor progress, and adjust interventions based on real-time feedback
(Saverino et al., 2021).

Incorporating Al-driven assistants and chatbots into healthcare management has the
potential to increase patient engagement and empowerment. For example, by creating chat-
bots that enable patients to interact directly with their health care data, individuals gain the
ability to inquire about aspects of their medical history, understand their treatment options
more clearly, and actively assist in the development of in their care plan. Similar strategies
are already being used in educational settings to facilitate custom and personalized learn-
ing pathways (Tapalova & Zhiyenbayeva, 2022). For example, Intelligent Learning Systems
(ILS) enables students to interact with an adaptive interface that personalizes the learning
process depending on the user’s profile and academic achievements and deficits.

In addition, virtual and augmented reality (VR/AR) technologies ® have been used to
enable remote monitoring of patients and families facing life-changing illnesses. Through im-
mersive visualizations, healthcare professionals can remotely assess and plan interventions
(John et al., 2022), and patients can virtually desensitize to anxiety-provoking treatment
paradigms. These applications have extended to various medical fields, including dentistry,
and have transformed medical education programs (Dhopte & Bagde, 2023). For example,
medical professionals in training can access an immersive simulation of reality an artifi-
cial/virtual environment that isn’t there but creates an illusion as if it really exists. The
utilization of VR/AR in healthcare offers opportunities for remote collaboration, enhanced
understanding of complex conditions, and more effective patient care.

3Data analysis is the process of inspecting, cleansing, transforming, and modeling data with the goal of dis-
covering useful information, informing conclusions, and supporting decision-making.

4 AT Virtual Assistant also called Al Assistant or Intelligent Virtual Assistant (IVA), is software empowered by
Artificial Intelligence that produces tailored human-like responses by leveraging natural language processing.

5Intelligent Automation (IA) is a combination of Robotic Process Automation (RPA) and artificial intelligence
(AI) technologies which together empower rapid end-to-end business process automation and accelerate digital
transformation.

6Virtual reality uses a headset to place you in a computer-generated world that you can explore. Augmented
reality, on the other hand, is a bit different. Instead of transporting you to a virtual world, it takes digital images
and layers them on the real world around you through the use of either a clear visor or smartphone.
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AT’s Emerging Role in Assessments and Diagnostics

Assessments and diagnostics are fundamental to life care planning, laying the foun-
dation for understanding an individual’s specific medical, emotional, and functional needs as
they relate to their condition or injury. The integration of Al is transforming the way care
is planned and initiated, ushering in an era characterized by accuracy, customization, and
proactive care. Al-enhanced assessment combines various technologies, methodologies, ben-
efits, and challenges, contributing to an innovative and complex landscape. Specifically, Al
serves as a powerful tool that goes beyond simple data analysis. AI's innovative algorithms
are able to analyze complex medical imagery, laboratory results, and patient histories, de-
tecting conditions with remarkable precision (Guraya, 2021; Gurgitano et al., 2021).

Machine learning algorithms analyze extensive medical histories, laboratory results,
and imaging data, uncovering patterns and insights that may escape human examination
(Hameed et al., 2021), with the goal of providing insight into future disease progression (Gu-
raya, 2021). Continuously evolving, these algorithms provide healthcare professionals with
detailed and personalized insights, including the ability to predict complications, recurrence,
or chronic conditions, and enabling the creation of personalized care plans. This is particu-
larly relevant to the field of life care planning, where long-term needs, costs, and quality of
life considerations are vital.

AT’s impact on diagnostics has also been significant and relevant to life care planning.
Deep learning models,” enhanced by computer vision, are changing the way medical images
are interpreted. From early cancer detection in radiology scans to fracture identification
in X-rays to neurological disorder analysis through MRIs, AI’s precision and efficiency are
reshaping the diagnostic process and our medical models of disease (Jain et al., 2021).

Natural Language Processing (NLP) adds another layer of improvement to assess-
ments and diagnostics. For example, free text notes can be taken through speech recognition,
which can significantly reduce medical staff’s time spent on labor intensive clinical docu-
mentation. By analyzing text from medical records, clinical notes, and patient interviews,
NLP extracts valuable insights that reflect both the medical condition and the patient’s per-
sonal experiences (Esmaeilzadeh et al., 2021). This approach combines data-driven rigor
with qualitative empathy, aiding life care planners in creating plans that consider the entire
individual. AI’s integration into assessments and diagnostics emphasizes personalization,
aligning the process with each person’s unique characteristics and needs (Hameed et al.,
2021).

The Al-driven approach offers several benefits within life care planning, as precision
evolves into a philosophy of care, with personalized diagnoses and future care plans (Gaur
& Jagtap, 2022). By using Al, efficiency becomes a more seamless process of data gathering
and analysis, optimizing resources without sacrificing quality. Personalization reflects med-
ical conditions, emotions, and life goals, while proactive care focuses on anticipation rather
than reaction. This is particularly important in life care planning, considering one of the
goals of an LCP is to prevent complications and exacerbation of symptoms over time. Pre-
ventative and pro-active care, however, have historically been nearly impossible for providers

"Deep learning models can recognize complex patterns in pictures, text, sounds, and other data to produce
accurate insights and predictions. You can use deep learning methods to automate tasks that typically require
human intelligence, such as describing images or transcribing a sound file into text.
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to implement considering the incredible time required to treat already existing issues.

The benefits of Al-enhanced assessments and diagnostics also include efficiency and
scalability. Automation, real-time analysis, and intelligent interpretation streamline the pro-
cess, making it more accessible and adaptable. This approach has the potential to broaden
life care planning without sacrificing insight quality.

Functional Capacity Evaluation and Al

Functional Capacity Evaluation (FCE) is a crucial aspect of life care planning, as-
sessing an individual’s ability to perform the tasks associated with activities of daily living.
The integration of Al into FCE can enhance precision, objectivity, and personalized assess-
ment. For example, wearable sensors can track movement, posture, and exertion, providing
real-time data on human function (Carmona-Ortiz et al., 2020). Coupled with motion cap-
ture, this technology creates a quantitative portrait of physical abilities, with applications
extending from rehabilitation to workplace assessments.

Al-driven analysis of functional limitations adds sophistication to FCE. Intelligent
algorithms can analyze data from sensors, detecting subtle limitations, inconsistencies, and
predicting challenges in functional tasks. This approach considers physical constraints and
psychosocial context, guiding life care planners in crafting realistic care strategies due to an
enhanced understanding of the particular way a specific condition affects an individual in
the myriad of contexts they may encounter.

AT’s promise in FCE also lies in enhancing objectivity and precision. Traditional
methods may be influenced by subjective interpretations; Al ensures consistency, accuracy,
and repeatability, minimizing biases and grounding the assessment in data-driven insights.
This objectivity stands to improve vocational planning, legal considerations, and long-term
care strategies. However, Al-integrated FCE requires careful consideration of ethical data
use, technology accessibility, and the integration of human expertise and empathy. Ensuring
transparent, unbiased Al models aligned with patient-centered care values demands contin-
uous reflection and ethical stewardship.

AT’s integration into FCE represents a potentially new phase in life care planning.
Utilizing wearable sensors, intelligent analysis, and a commitment to objectivity, it can help
to craft evaluations that are scientifically robust and deeply human. This resonates with the
complexity and dignity of human life, where technology becomes a partner in understanding
and enhancing the human condition.

Personalized Rehabilitation Plans with Al

The integration of Al into rehabilitation has the potential to forge personalized re-
habilitation plans, transforming strategies and improving outcomes. Al’s intelligent algo-
rithms can help design tailored rehabilitation strategies, considering physical capabilities,
emotional resilience, cognitive functions, and lifestyle preferences (Dobkin, 2017; Krebs et
al., 2009). Machine learning enables adaptive planning, reflecting the fluidity of human re-
covery (Dobkin, 2017; Krebs et al., 2009), and Al-driven plans optimize outcomes, considering
immediate recovery goals and long-term well-being. Broadly, AI’s integration into rehabili-
tation represents a potentially new phase, leveraging technology to help heal, empower, and
engage individuals in recovery and growth (Krebs et al., 2009).

Printed in U.S.A. All rights reserved 2024 Int’lAssoc.of Rehab Professionals



30 Journal of Life Care Planning Vol. 22, No. 1

The ability to predict long-term outcomes is a vital component that shapes interven-
tions, anticipates challenges, and crafts sustainable strategies. The integration of AI into
this essential phase is opening new horizons, transforming the way functional trajectories
are predicted and how historical data is leveraged (Alrasheedi & Almalaq, 2022).

Al models for predicting functional trajectories represent a profound innovation in
understanding and anticipating the future course of an individual’s functional abilities and
limitations. By employing advanced algorithms, Al analyzes a plethora of variables, includ-
ing medical conditions, treatments, rehabilitation progress, psychosocial factors, personality
variables, and environmental contexts (Chekroud et al., 2021). These models craft predic-
tions that are not merely linear extrapolations; they reflect the intricate interplay of factors
that shape human function, considering non-linear patterns, feedback loops, and complex
interactions (Neuman & Eckenhoff, 2015).

Leveraging historical data to estimate long-term outcomes adds another layer of so-
phistication to this predictive process. By mining vast repositories of historical data, includ-
ing medical records, rehabilitation outcomes, population studies, and even socio-economic
trends, Al extracts insights that resonate with the past, inform the present, and illuminate
the future (Alrasheedi & Almalaq, 2022). Enhancing life care plans with Al-informed out-
come predictions is the culmination of this predictive journey. However, the journey toward
long-term outcome prediction with Al is a nuanced path, filled with considerations of ethical
modeling, data integrity, transparency, and the integration of human judgment and empa-
thy (Neuman & Eckenhoff, 2015). Ensuring that AI models are transparent, unbiased, and
aligned with the principles of dignity, autonomy, and ethical stewardship requires continuous
discussion, interdisciplinary collaboration, and governance.

Ethical & Professional Considerations

Technology has undeniably changed life care planning practices (Rutherford-Owen
et al., 2021), and this trend can be expected to continue. The integration of Al into life care
planning may represent the next transformative shift, encompassing both promising oppor-
tunities and inherent challenges. AI’s prowess in data analysis, predictive modeling, and
resource optimization merges seamlessly with the Standards of Practice for Life Care Plan-
ners (International Academy of Life Care Planners, 2022), highlighting comprehensive as-
sessment, transdisciplinary collaboration, and a commitment to achieving optimal outcomes.
However, the combination of Al with life care planning isn’t without its complexities. Along
with its potential, Al introduces several ethical considerations.

Life care planners operate within a specialized field that requires a combination of ex-
pertise, professionalism, and ethical considerations. As part of their professional obligations,
life care planners are expected to strictly adhere to the Code of Ethics associated with their
roles, certifications, and credentials (International Academy of Life Care Planners, 2022).
These ethical guidelines serve as a framework to ensure that they conduct their assessments,
planning, and recommendations with integrity, objectivity, and competency. Life care plan-
ners come from a broad range of rehabilitation professions, encompassing nurses, rehabil-
itation counselors, occupational therapists, physical therapists, social workers, physicians,
and psychologists. Each of these professions maintains its own specific Code of Ethics and/or
Standards of Practice, reflecting the unique responsibilities and considerations intrinsic to
each field of expertise.
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Yet, within these professional codes, there is a discernable absence of explicit direc-
tives on the application of AI; thus, as Al continues to advance into healthcare and reha-
bilitation, interpreting the existing ethical standards as applied to Al is essential, ensuring
that the technology is used in a manner that aligns with the core values and principles of the
respective professions, while safeguarding the well-being and rights of individuals served.

In the realm of life care planning, with its emphasis on published standards of prac-
tice, comprehensive assessments, and data analysis and research (Neulicht et al., 2023), Al
presents both opportunities and ethical challenges. Foremost is the paramount concern of
data privacy, where the protection and secure handling of sensitive patient information are
essential. While AI has the potential to enhance the accuracy and efficiency of these assess-
ments, its involvement in processing intricate and personal data introduces possible privacy
issues. In response to these concerns, life care planners, grounded in their professional ethi-
cal standards, can champion transparent data management practices. They can also promote
the establishment of clear disclosure protocols, ensuring that all stakeholders are informed
about how Al plays a role in data analysis and subsequent decision-making processes.

Building on the principles of data privacy in life care planning, another pivotal eth-
ical challenge emerges in the realms of transparency and practicality. Given that life care
plans often hold legal significance (Rutherford-Owen et al., 2023), it’s imperative for all in-
volved parties to have a clear understanding of the decision-making processes. To uphold the
rigorous standards of life care planning, professionals in this field can collaborate with Al
developers, emphasizing the need for clear and interpretable algorithms. To further enhance
transparency, life care planners could incorporate a dedicated section in their plans detailing
the AT’s involvement and its influence on decisions. Such proactive measures not only align
with the ethical foundations of life care planning but also foster trust and clarity among the
providers, patients, and life care planners involved in the development and application of the
Plan.

In the evolving landscape of life care planning, augmented by the surge of Al capa-
bilities, a pressing concern emerges surrounding the potential devaluation of seasoned hu-
man expertise. Life care planning is founded upon the judicious assessments of profession-
als. These experts delve deep, not merely sifting through empirical data, but also weighing
the profound emotional, psychological, and socio-environmental aspects that shape an indi-
vidual’s life. It’s paramount to recognize that while Al offers unparalleled data processing
prowess, the nuances of human understanding remain irreplaceable. To safeguard the sanc-
tity of their profession, life care planners should leverage Al as a tool designed to enhance,
not overshadow, their seasoned judgment. Such an approach aligns with established stan-
dards, which underscore the planner’s academic rigor, comprehensive professional training,
unwavering commitment to ethics, and their deep-rooted understanding of the holistic needs
of those they serve (International Academy of Life Care Planners, 2022). This harmonization
of Al and human expertise ensures that the essence of life care planning remains untouched,
even in an era of rapid technological advancement.

Moreover, incorporating Federal Rule of Evidence 702 8 into the context of life care
planning, particularly when considering the integration of Al, underscores the necessity for
life care planners to substantiate their expertise and methodologies within a legal frame-

8Federal Rule of Evidence 702 governs the admissibility of expert testimony.
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work. The provisions of Rule 702 demand that an expert’s testimony must be grounded in a
sound knowledge base, reliable principles, and methodologies that are applicable to the facts
of the case. As life care planners merge Al tools with their clinical judgment and expertise,
it becomes crucial to ensure that their integration and application of these technologies meet
the stringent requirements of Rule 702. This ensures that when life care planners testify,
their informed opinions are not only bolstered by the depth of their professional experience
and insight but are also reinforced by the precision and analytical strength that Al brings to
the table.

Delving deeper into the nuances of life care planning, it becomes evident that the
emotional and psychological resonance of Al-influenced decisions carries significant weight.
As the integration of technology in such critical areas progresses, there’s a tangible sense
of unease or skepticism among individuals regarding the authenticity and sensitivity of Al-
facilitated plans. In recognizing and addressing this sentiment, life care planners are tasked
with an added layer of responsibility. Upholding the standard practices in life care planning,
it becomes imperative for planners to actively engage relevant stakeholders throughout the
process. Transparent dialogue about the role of Al its capabilities, and limitations, coupled
with a clear emphasis on its alignment with the holistic objectives of the life care plan, will
foster trust. Such inclusivity and transparency not only solidify the planner’s commitment
to the established ethical and professional standards of their fields, but also ensures that the
human element remains at the forefront of these life-altering decisions.

As Al becomes a more prevalent tool in this domain, life care planners must bol-
ster their methodologies with robust validation mechanisms. Instituting rigorous peer re-
views, consulting regularly with experts in relevant fields, and continuously updating their
knowledge on AI advancements serve as critical checkpoints. These strategies ensure that
AT’s data-driven recommendations align with the evaluee’s unique needs and uphold the
highest standards of accuracy and reliability. By emphasizing competence and ensuring a
deep understanding of both traditional life care planning and AI’s nuances, professionals
can navigate these challenges effectively. Such an approach not only reinforces trust among
all involved parties but also adheres to the ethical and professional standards that define
excellence in life care planning.

A Brief Example of the Utility of Al in Life Care Planning

To illustrate how AI might be utilized during LCP development, consider the hypo-
thetical case of Michael, a 10-year-old boy who sustained a spinal cord injury resulting in
quadriplegia after a fall from a tree. In Michael’s case, his quadriplegia and age present a
unique challenge, as the life care plan must accommodate his immediate needs and antici-
pate those that arise as he matures into adulthood.

First, consider these examples of how Al could be successfully implemented to facil-
itate a LCP that is effective in mitigating Michael’s deficits, proactive in predicting future
complications, and appropriate for Michael’s unique situation:

1. Using predictive modeling, an Al system projected the potential course of Michael’s
physical development and the possible complications related to quadriplegia as he
grows.

Outcome: These insights helped medical professionals to preemptively strategize and
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adjust Michael’s healthcare plan, ensuring his well-being throughout different stages
of his life.

2. An Al-driven financial planning tool estimated the costs of Michael’s future care, ad-
justing for inflation, changes in medical technology, and potential breakthrough treat-
ments.

Outcome: This allowed Michael’s family to plan and allocate resources efficiently, en-
suring that funding constraints wouldn’t impede his quality of care.

3. Al-enhanced vocational training modules were introduced to Michael, tailoring to his
interests and potential career paths suited for his condition.
Outcome: Michael developed a keen interest in programming and aspired to be a
developer, giving him direction and purpose for his future.

4. Smart home Al technologies were implemented in Michael’s residence, adjusting the
environment based on his preferences and needs, such as temperature control, opening
doors, and controlling appliances.

Outcome: This enabled Michael to lead a more independent lifestyle and reduced the
constant need for manual assistance.

5. An AI program analyzed the layout of Michael’s school and suggested structural
changes to make it more accessible for him.
Outcome: With these adaptations, Michael found it easier to navigate the school envi-
ronment and participate in activities, fostering a more inclusive atmosphere.

6. Al-powered transportation services were introduced to Michael, ensuring that the ve-
hicles were equipped to handle his wheelchair and other necessary equipment.
Outcome: This increased Michael’s mobility, allowing him to participate in outings,
family events, and other social activities without any transportation hassle.

7. An Al chatbot regularly prompted Michael to provide updates on his well-being, pain
levels, and any discomfort he might be experiencing.
Outcome: This proactive approach allowed for faster medical interventions and ad-
justments to his care regimen as needed.

Now, consider these examples of the challenges inherent in implementing A, which
highlight the need for the life care planner’s expertise in ensuring that Al’s data-driven rec-
ommendations align with the evaluee’s unique needs and uphold the highest standards of
accuracy and reliability:

1. An Al system was employed to help Michael find local clubs or groups where he could
interact with peers. While it successfully identified groups, it sometimes recommended
those not adequately equipped to accommodate Michael’s needs.

Outcome: This occasionally led to disappointing experiences, making Michael hesitant
about joining new social circles.

2. In an attempt to assist in Michael’s schoolwork, an Al-driven tutor was introduced.
The tutor, although academically helpful, lacked the nuance to understand and navi-
gate the emotional and social aspects of school life.
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Outcome: While Michael’s academic performance benefited, he felt an emotional dis-
connect, yearning for a more holistic support system.

3. Al-driven sensory tools, aiming to provide Michael with calming stimuli, sometimes
misjudged his preferences based on other users’ data.
Outcome: This often resulted in overstimulation or disinterest, making it an unreli-
able tool for relaxation.

4. While planning internship opportunities for Michael, an Al system focused mainly on
remote roles, presuming physical constraints without consulting him.
Outcome: This approach felt limiting to Michael, as he aspired to engage in more
hands-on and interactive roles.

Conclusion

In the evolving landscape of life care planning, the integration of Al is ushering in
opportunities, from predicting long-term outcomes through the analysis of functional tra-
jectories and historical data (Alrasheedi & Almalaq, 2022; Neuman & Eckenhoff, 2015), to
navigating complex ethical considerations such as data privacy, transparency, and bias (Es-
maeilzadeh, 2020; Lanne & Leikas, 2021; Rogers et al., 2021), Al has the potential to reshape
the field in profound ways, and the promise of Al lies in its potential ability to help craft per-
sonalized, proactive, and future-aligned life care plans. Yet, this promise is accompanied
by significant challenges, including technological barriers, data security, and the need for
human-centric design (Cui & Zhang, 2021; Schwendicke et al., 2020; Wang et al., 2019). The
path towards responsible AI adoption requires a delicate balance between leveraging tech-
nological innovation and honoring timeless values of human dignity, autonomy, fairness, and
ethical stewardship (Joda et al., 2019; Soh et al., 2022).

In conclusion, the integration of artificial intelligence (Al) into life care planning de-
mands a concerted effort from professionals in the field to engage in detailed discussions
and debates. This paper is intended to highlight the need for this essential dialogue, so
that life care planners can together reach a consensus on the best practices for utilizing Al
within the scope of their ethical and professional frameworks. Life care planners must ex-
plore and establish guidelines that effectively balance the technological advantages of Al
with the human-centric approach fundamental to their work. Additionally, there is a crucial
need for ongoing contributions to the research knowledge base, focusing on the intersection
of Al and life care planning. This will not only facilitate continuous learning and adaptation
within the profession but also contribute to a broader understanding of AI’s role in healthcare
and rehabilitation. Addressing these considerations proactively is vital, given the rapid pace
at which technology, particularly Al, is transforming various industries, including health-
care. By actively engaging in these discussions and collaborative research, life care planners
can ensure that their field remains dynamic and responsive to the evolving landscape of
healthcare and rehabilitation, thereby safeguarding the integrity and effectiveness of their
essential services.
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